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Goal
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Goal

where CDFs differ
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Goal

where CDFs differ
want to learn from data

w/ low prob of any error here
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Wages: union vs. not
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Wages: code

. sysuse nlsw88 , clear

. distcomp wage , by(union) alpha(0.10)

. distcomp wage , by(union) alpha(0.10) p

> groptline0(lcolor(cyan))

> groptline1(lcolor(green))

> gropttwoway(title(Dave's picture))

> groptrej(lwidth(vthick) lcolor(blue)

> lpattern(solid))
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Simulated data: both N(0, 1), no significance
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Y0 ∼ N(0, 1), +2 effect above median
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N(0, σ2), σ = 1 vs. σ = 3
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Gneezy and List (2006): fundraising
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Gneezy and List (2006): data entry
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Regression discontinuity: incumbent effect
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Bonus: “power” vs. ksmirnov

. set obs 69

. gen grp = (_n>49)

. gen y = (_n<=49)*(_n/50) + (_n>49)*(_n-49)/21

. replace y = 10^6+_n if _n>63

. ksmirnov y , by(grp) exact

. distcomp y , by(grp) p

ksmirnov: p = 0.121(!!)

distcomp: p = 0.0056
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Conclusion

distcomp (Kaplan, 2019; Goldman and Kaplan, 2018)
I net from https://kaplandm.github.io/stata
I (also sivqr for IV quantile regression!)
I beyond “if” to where do distributions differ?
I better than KS (power more evenly distributed)

Thank you / questions & comments appreciated!
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