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Getting started 



 



 



 







 

Describe networks  
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Manipulate networks  
 



 



. nwclear 

 

. nwrandom 7, density(.2) name(first) 

. nwrandom 7, density(.3) name(second) 

. nwrandom 7, density(.3) name(third) 

. gen attr= _n * 2 

 

 

// replacing networks 

. nwreplace first = 1 

. nwreplace first = 2 in 3/5 

. nwreplace first = exp(second) * attr if first == 1 

 

 

// replacing subnetworks 

. nwreplace first[(2::6),(1::5)] = 55 

. nwreplace first[(1::4),(1::4)] = second * 7 if third != 1 

 

 

// replacing with temporary networks 

. nwreplace first =  99 * (_nwrandom 7, prob(.3))  



Analyze networks  
 



 



Network permutation 
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Exponential random graph 
models 

logit 𝑃 𝑌𝑖𝑗 = 1 𝑛 𝑎𝑐𝑡𝑜𝑟𝑠, 𝑌𝑖𝑗
𝑐  =  𝜃𝑘𝛿𝑠𝑘 𝒚

𝐾

𝑘=1

 

Probability that 
there is a tie from i 

to j.  Given, n actors AND the rest of 
the network, excluding the dyad 

in question! 

𝑌𝑖𝑗
𝑐 = all dyads other than 𝑌𝑖𝑗 Amount by which the feature 

𝑠𝑘 𝑦  changes when 𝑌𝑖𝑗  is 

toggled from 0 to 1. 
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Visualize networks  
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. nwuse gomery, nwclear 

. nwmovie _all, color(col_t*) scheme(s2network) 

http://nwcommands.wordpress.com/nwcmovie 

http://nwcommands.wordpress.com/nwcmovie


 

. nwuse gang, nwclear 

. nwplot, color(Birthplace) scheme(s2network) 



. nwplot, size(Arrests, forcekeys(5 15 30)) color(Birthplace)  

   symbol(Prison) 



. nwuse florentine, nwclear 

. nwplot flobusiness, label(_label) edgecolor(flomarriage)       

   edgecolorpalette(yellow red) title(“Florentine  

   Businesses”, color(red) size(huge)) 



. nwuse glasgow, nwclear 

. nwmovie _all 

http://nwcommands.wordpress.com/demo_nwplot 

http://nwcommands.wordpress.com/demo_nwplot
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