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Abstract

Recent explanations of the gender wage gap emphasize the role of gender differences in
psychological traits. Nevertheless, there have been only a limited number of studies confirming
the relevance of these factors for labour market outcomes. This paper assesses the role of gender
specific preferences in the reservation wage gap during the job search. I use French administrative
data from the unemployment insurance agency providing information on job search behaviour
and previous outcomes to assess which kind of occupations men and women apply for and the
gap in their reservation wages. Employing text analysis, I build a novel dataset classifying
occupations with respect to a number of characteristics and examine to which extent men and
women differ in the occupation they are looking for. I document widespread gender differences
in the occupation characteristics targeted by job seekers. Quantile decomposition methods
allow me to document an unequal gap in reservation wage, intensifying along the distribution.
After adjusting for occupation characteristics reflecting gender-biased preferences and household
constraints, the unexplained part of the reservation wage gap is decreased by half. Investigating
unemployment history and outcomes from previous interviews with firms, I do not find evidence
of a female risk aversion to previous unemployment shocks or male overconfidence.
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1 Introduction

Despite decades of convergence in labour market outcomes, occupational segregation
remains a strong feature of the gender gap in labour market outcomes (Cortes and Pan,
2018). Besides traditional gender pay gap explanations such as discrimination, the child
penalty and occupational segregation, recent research highlights women’s choices, inves-
tigating the role of preferences and psychological attributes. Yet, evidence of the impact
of psychological attributes’ on the job search process remains scarce and relies mainly on
experimental studies. This paper attempts to fill this void by investigating the gendered
preferences of job seekers, using text analysis methods for a detailed data collection on
job descriptions. I provide evidence of the existence of a reservation wage gap widened at
the top of the reservation wage distribution and bounded by the minimum wage. After
adjusting for variables on the job characteristics, reflecting both women’s preference for
temporal flexibility and tastes, the unexplained part of this gap is reduced by half. This
novel empirical fact suggests that gender-biased preferences are the main source of the
reservation wage gap.

The value of the reservation wage during job search plays a central role in search
theory. Reflecting the preferences of the job seeker, the reservation wage influences labour
market outcomes. Since they remain the main providers of childcare and other forms of
domestic work, women have a higher opportunity cost of labour market participation. As
a result, their reservation wage should be higher than the one of their male counterparts
(Arrazola and de Hevia, 2016). However, the empirical literature shows that on average
female reservation wages are lower than male ones (see Le Barbanchon et al. (2021)
for France, Krueger and Mueller (2016) for the United-States, Brown et al. (2021) for
Italy and Brown et al. (2011) for the United-Kingdom). A possible explanation for this
puzzle is gender-biased preferences. Among psychological traits correlated with gender,
economists have identified competitiveness, bargaining behaviour and risk attitudes (see
Blau and Kahn (2017) for a detailed review of the research on the role of gender differences
in psychological attributes). Furthermore, due to the household constraints, women also
have a relative preference for family-friendly job characteristics that may lead them to
choose lower-paying jobs (Cortes and Pan, 2018). More recent work has sought to link
these gender differences in behavioural traits to observed gender gaps in the labour market.
But, as information on job search behaviour is not observable and since discrimination and
individual preferences are difficult to distinguish within administrative data, the literature
is essentially composed of experimental evidence from both the laboratory and the field.
Consequently, while there are plenty of laboratory studies about psychological factors
affecting occupational segregation, there have been only a very limited number of studies
confirming the relevance of these factors for labour market outcomes and job search (Blau
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and Kahn, 2017).

Moreover, the gender reservation wage gap might vary across the reservation wage
distribution. On the one hand, the more women earn, the easier it is to afford to transfer
the non-market work to hired domestic workers, leading to convergence with the male
reservation wage. On the other hand, as most of the higher-paying jobs involve inflexible
schedules, long hours and commute, women at the top of the wage distribution could
trade-off wage against job features more compatible with their family life. Also, because
of assortative mating, more educated (or earning) women are more likely to be married
to men with similar characteristics. Financial constraints being less important within
these households, women may accept longer unemployment spells to get a job more fit-
ting with their preferences. Conversely, the minimum wage could prevent this potential
female trade-off between flexibility and reservation wage at the bottom of the distribution.
However, except Brown et al. (2021), existing research does not address this issue, while
the gender gap in reservation wage evolution through the distribution could lead to many
contradictory findings.

Job search being an uncertain process, this aspect of the labour market involves risk
preferences and confidence about relative ability. Hence, this is during this particular
period that differences in behavioural traits and beliefs across genders are likely to lead to
disparities in job search behaviour and outcomes. Since the job search process determines
the labour outcomes of the following years, understanding the differences emerging at
this moment is particularly important in a crisis period, where more individuals become
unemployed. Therefore, this paper documents the evolution of the gender gap in reserva-
tion wage through the distribution of reservation wage during the Great Recession. Using
administrative databases from the French department of labour (DARES), FH-DADS,
providing information on job search behaviour and reemployment outcomes for the pe-
riod 2006-2012, I perform the quantile decomposition method developed by Firpo et al.
(2009), called the Recentered Influence Function (RIF) method. The RIF decomposition
method is an econometric tool quantifying for any quantile the detailed contributions of
each covariate to the gap, as well as the share of the gender reservation wage gap which
is not due to differences in observable characteristics.

My results show that the gender gap in reservation wage intensifies along the reserva-
tion wage distribution. The reservation wage being a major determinant of the reemploy-
ment wage, I investigate the possible explanations for this pattern. As the reservation
wage is a preference measure, I study the importance of some gender-biased psychological
attributes in these disparities. If, as shown in the paper of Le Barbanchon et al. (2021),
commuting has an important role, the part of the gap unexplained by observable charac-
teristics (including the willingness to commute) remains considerable, especially at the top
of the reservation wage distribution. Adjusting for characteristics of the targeted job, such
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as the temporal flexibility, environment of the job or tastes in skills required for the job,
the unexplained component of the reservation wage gap is decreased by half. These find-
ings suggest that gender-biased preferences are the main sources of the reservation wage
gap at the top and that women are trading off their reservation wage against preferred
characteristics of the job. Decomposing the psychological factors of these differentiated
preferences, I also consider other potential explanations for the remaining unexplained
reservation wage gap, such as gender differences in risk aversion and overconfidence. I use
different measures of risk aversion to previous unemployment shocks and overconfidence,
built with the unemployment and job application history. While I cannot reject these
alternative explanations, there are not consistent with the full set of empirical patterns
observed in the data.

As previously mentioned, the literature essentially explains the remaining gender wage
gap in developed countries by individual preferences, child penalty and discrimination.
These factors might be interconnected and can arise from the supply or demand side.
Labour economics understanding the role of demand forces, and especially discrimina-
tion, on the gender wage gap is vast. At the same time, with the convergence of labour
market participation, the gender wage gap has narrowed on the supply side. Supply-side
explanations are traditionally based on the accumulation of human capital and household
constraints but recently extend to focus on finer aspects related to choices: psychological
attributes and preferences. Individual preferences are fundamental in the analysis of the
gender wage gaps as they lead men and women towards different occupations and indus-
tries without the same earnings, job security, earnings stability and working conditions.
A large experimental literature has documented that women, on average, tend to exhibit
greater risk aversion, lower levels of competitiveness, and a lower willingness to negotiate
relative to men (for a review, see Blau and Kahn (2017)), which can potentially affect
their choice. Risk or negotiate related jobs, often result in high-earning occupations with
bonuses related to performances. Many laboratory experiments have focused on the sort-
ing of individuals into environments with different degrees of negotiation or risk and show
that preferences appear to be different for men and women (see Jung et al. (2018) for
a detailed survey). Yet, despite evidence of the lower propensity of women to negotiate
higher wages or promotion, there are only a few descriptive field studies addressing the
gender differences in the propensity to apply for a job requiring wage negotiation during
the job search (see Blau and Kahn (2017) for a review). Moreover, the difference in risk
attitudes between men and women may derive from a disparity in self-confidence. Using
wage data, Risse et al. (2018) show that confidence plays a major role in shaping an indi-
vidual’s labour market outcomes, benefiting men who generally display a stronger sense
of confidence. Additionally, women tend to have social preferences for jobs, with inter-
actions and social contributions (Cortes and Pan, 2018). However, most of the studies
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described above take place in controlled experimental settings or focus on specific occu-
pations, and the existing research in this area lack evidence of their empirical implication
for labour market outcomes. Additionally, these studies use answers to attitudinal ques-
tions as a proxy for psychological factors to relate them to the wage equation, but some
empirical issues remain. Indeed, if psychological attributes are measured at the same
time as wages, reverse causality may occur. Also, the reliability of measures based on a
battery of questions and its implication for the labour market can be questioned. Finding
variables assessing the gender-biased preferences on the job search remains an outstand-
ing challenge and this is the focus of this work. The paper extends this literature using
administrative information on job seekers and unique data collected on job descriptions,
and by studying the relevance of the psychological attributes on the job search process
whereas both features are rarely considered simultaneously.

Moreover, gender-biased preferences should be considered in relation to occupational
segregation (Groshen, 1991). Indeed, the largest component of the gender gap is now
explained to gender differences within, rather than across, broad occupational categories
(Goldin, 2014; Blau and Kahn, 2017) and correcting it would be an important feature
of "the last chapter" to reach gender equality on the labour market (Goldin, 2014). This
development has prompted researchers to examine the way job seekers self-select into
different jobs. Besides the preferences interacting with the content of the job mentioned
earlier, the role of job amenities has also been highlighted (Cortes and Pan, 2018). Women
tend to have a relative preference for family-friendly job characteristics, with temporal
flexibility or offering better career-family balance (Wasserman, 2019; Wiswall and Zafar,
2017). However, the distinct concentration of women and men in different sectors, occu-
pations and jobs could be due either to discrimination or to individual preferences, two
features hardly distinguishable empirically. Focusing on the job search process, this pa-
per contributes to our understanding of the only role of preferences in job sorting. I also
extend this literature by considering simultaneously the numerous aspects of preferences
whereas earlier studies mainly focused on either jobs attributes or jobs flexibility.

Recent literature has focused on the impact of the reservation wage on the labour
market. Le Barbanchon et al. (2021) also using FH-DADS data, relate the gender pay
gap to the gender difference in willingness to commute affecting downward the reservation
wage. Cortés et al. (Forthcoming), use survey data on risk preferences, to show that men’s
higher degree of risk tolerance and overconfidence in the entry of the labour market have
an impact on the gender pay gap through a significant difference in the timing of job
acceptance. Roussille (Forthcoming) documents the role of the ask gap in generating
wage inequality in the United States. Empirical studies find that there is, on average,
a gender reservation wage gap. Brown et al. (2011) show the existence of this gap in
the United Kingdom, and using decomposition methods, find that young children play
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an important role in the size of this gap. Le Barbanchon et al. (2021) find a mean
gender reservation wage gap in France and Krueger and Mueller (2016) findings suggest
this gender disparity is also present in the United States. However, there is a dearth of
studies, which have explored the potential evolution of gender differences in reservation
wage along the distribution. Brown et al. (2021) investigate the determinants of the
reservation wage gap in Italy from a regional perspective but focus only on the role of
traditional preferences for job characteristics (commuting and part-time). The quantile
analysis of this paper highlights the extent to which the gender gap in preferences (either
content of the job or amenities) is bounded by the minimum wage.

To quantify the gender reservation wage gap at different points of the distribution and
the relative contribution of individuals’ characteristics, I perform the quantile decompo-
sition of Firpo et al. (2009). This method enables to decompose the gender differences in
the (reservation) wage beyond the mean. Decomposition methods, first introduced for the
mean gap with the Oaxaca-Blinder method (Oaxaca (1973), Brown et al. (2011, 2021) for
the observed reservation wage, and Arrazola and de Hevia (2016) for an estimated one).
Nevertheless, to my knowledge, the reservation wage has not been decomposed on the
quantile level with a full set of preferences variables yet. Hence, this paper brings to the
reservation wage analysis a new extent through a decomposition along the distribution,
adjusting for preferences.

The rest of the paper is structured as follows. I first provide a general description
of the method developed by Firpo et al. (2009) in section 2, before depicting the FH-
DADS and the collected data (section 3). Then in section 4, the results of the study are
discussed. Section 5 presents the robustness analysis and section 6 is the conclusion.

2 Empirical strategy

2.1 Decomposition methods and reservation wage

Wage decomposition methods enable to decompose the differences (in the means for
the Oaxaca-Blinder method (Oaxaca (1973), Blinder (1973)) and on the entire wage
distribution with Firpo et al. (2009)) of wages between males and females into two distinct
effects. These decomposition methods explain the difference in the dependent variable
between two groups by decomposing the gap into an endowment effect (or "explained" or
composition effect) and a residual effect (also called "unexplained" or the wage structure
effect). On the one hand, the endowment effect quantifies the portion of the gap due to
group-specific differences in the endowments of the independent variables. On the other
hand, the residual effect quantifies the differences due to group-specific returns of the
explanatory variables.
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As discussed earlier, decomposition methods at the mean have already been used to
decompose an observed reservation wage gap (Brown et al., 2011; Le Barbanchon et al.,
2021; Brown et al., 2021) or an estimated reservation wage gap (Arrazola and de Hevia,
2016). Although the reservation wage is a preference measure and while decomposition
methods are traditionally used for observed wages, these methods seem particularly well
suited for this analysis. The reservation wage is influenced by similar observed character-
istics as the observed wage. The reservation wage, as well as the observed one, are both
determined by the human capital accumulation (experience and academic background),
demographic attributes, household composition and characteristics of the job (or desired
job for the reservation wage). The difference between a decomposition on an observed
wage and a reservation wage rely then mostly on the "unexplained part". This portion
of the gap that cannot be explained by gender-specific differences in endowments of the
observed characteristics can be interpreted as a measure of discrimination or occupa-
tional segregation regarding the observed wage. Indeed, the widely used decomposition
of the gender wage gap showed a persistent, unexplained pay gap which is a possible
signal of differentiated psychological attributes or perception by employers. However, for
the decomposition of the reservation wage gap, this residual effect cannot be a signal
for possible discrimination and then allow to identify more precisely the differences in
preferences, psychological attributes or anticipation for discrimination.

The Oaxaca-Blinder decomposition has been used in several studies on gender pay
gap determinants and as previously mentioned, break down the mean gender wage (or
reservation wage in this paper) gap into two components.

The Oaxaca-Blinder method decomposes the reservation wage gap as:

Y r
M − Y r

F︸ ︷︷ ︸
∆̂0= Observed gender reservation wage gap

= β̂M0 +∑K
k=1XMkβ̂Mk − β̂F0 −

∑K
k=1XFkβ̂Fk

=
(
β̂M0 − β̂F0

)
+

K∑
k=1

XFk

(
β̂Mk − β̂Fk

)
︸ ︷︷ ︸
∆̂S= Unexplained gender reservation wage gap

+
K∑
k=1

(
XMk −XFk

)
β̂Mk︸ ︷︷ ︸

∆̂X= Explained gender reservation wage gap

,

where Y r is the mean reservation wage equation, m and f refer to males and females
respectively, X is a vector of covariates, β̂ is a vector of estimated parameters and a
bar denotes a mean value. ∆̂S represents the difference in the reservation wage that
is attributable to returns to endowments (unexplained component) and ∆̂X represents
the part of the reservation wage differential due to individuals’ observed characteristics
(explained component).
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2.2 Quantile decomposition method: RIF

Oaxaca-Blinder decomposition provides an analysis of the gap at the mean of the
distribution and does not allow to observe the different patterns at the tails of the dis-
tribution. Hence, to measure the evolution of the gender reservation wage gap along the
distribution, I use the quantile decomposition method developed by Firpo et al. (2009).
This method allows quantifying sticky floor or glass ceiling by distinguishing whether the
gap is higher at the bottom or the top (Fortin et al., 2011). It has the advantage that it
determines the weight of each variable at a given quantile and then provides a detailed
decomposition rather than an aggregate one. Indeed, in contrast with the aggregate de-
composition, the detailed decomposition allows subdividing both parts of the gap, into
the respective contributions of each covariate.1

To decompose the reservation wage gap all along the wage distribution I then use the
detailed decomposition method of Firpo et al. (2009) called the Recentered Influence Func-
tion (RIF) decomposition method. This regression-based method, easily implementable
in practice as the traditional Oaxaca-Blinder method, can be divided into 3 steps:

First step
Each Y r

i is transformed in RIF (Y r
i , Qτ ), with

RIF (Y r
i ;Qτ ) = Qτ + τ − 1 {Y r

i ≤ Qτ}
fY r (Qτ ) ,

and Q̂τ the unconditionnal quantile regression for the quantile τ as

Q̂τ = X̄γ̂τ ,

with γτ being the returns to the characteristics X for a given quantile τ 2 The recentered
influence function captures the relative contribution that a specific observation Yi has on
a given statistic. It then refers to the "role" of a particular observation Yi on the value of
a statistic.

Second step
RIF

(
Yi, Q

τ
M/F

)
is regressed on Xi using Ordinary Least Squares, for males and females

1There are other existing decomposition methods for distributional statistics beyond the mean (see Fortin et
al. (2011) for a detailed review of the research on the decomposition methods). Aggregate decompositions
for quantiles (Juhn et al. (1993) residual imputation method, Mata and Machado (2005) conditional quantile
regression method or counterfactual methods) provide an overall decomposition into two components but do not
provide the respective contributions of each covariate as the detailed decompositions.

2Hence, the unconditionnal quantile regression is applied on the average X in the entire sub-population. The
estimated coefficient can be interpreted as the effect of increasing the mean value of the covariate on the uncon-
ditional quantile.
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separately and for a specific quantile:

RIF (Y r, Qτ
M) = XγM + εM , RIF (Y r, Qτ

F ) = XγF + εF .

Third step
The γ̂τM and γ̂τF obtained are used for a decomposition:

Qτ
M −Qτ

F︸ ︷︷ ︸
∆̂τ
o

= (γ̂τM − γ̂τF ) X̄F︸ ︷︷ ︸
∆̂r
S

+
(
X̄M − X̄F

)
γ̂τM︸ ︷︷ ︸

∆̂τ
X

.

We then obtain, as with the Oaxaca-Blinder decomposition, a gender gap split into
a part due to difference in characteristics X between males and females, and a part
attributed to a difference in the valuation of these mean characteristics at a given point
in the distribution.

3 Data

As mentioned earlier, one of the major reasons the empirical literature on the supply-
side origins of the gender gap is incomplete is the lack of data on job search behaviour.
On the one hand, the literature on a heterogeneous sample of the population the topic is
scant, likely due to data availability.3 On the other hand, characteristics of the desired
job related to the literature on preferences are also missing. I then combine a french
administrative dataset, with the information I collected about job descriptions to address
these two issues.

3.1 Administrative data

The FH-DADS database allows us to fill this gap by providing information about
job search behaviour for a heterogenous part of the French jobseeker population. I then
use this matched dataset produced by the French department of labour (DARES) con-
sisting of information on unemployment spells ("Fichier Historique (FH)") of the French
governmental agency for unemployment "Pôle Emploi" and information on the employ-
ment spells derived from the "déclarations administratives de données sociales" (DADS)
of INSEE. The dataset used in this paper is derived from information of French unem-

3Cortés et al. (Forthcoming) use survey data collected on job offers and acceptances from recent undergraduate
alumni from Boston University’s Questrom School of Business. Their sample is made up of young and highly
skilled cohorts at the early stage of their career. Krueger and Mueller (2016) surveyed unemployed workers in
New Jersey for 24 weeks in 2009 resulting in a relatively small and restrictive sample. To finish, Brown et al.
(2011) use data from the British Household Panel Survey (BHPS), which is a dataset lacking essential job search
variables (like desired commuting) with a limited number of observations.
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ployment insurance claimants whose unemployment spell began between 2006 and 2012.4

This period appears to be particularly relevant for this analysis since the Great Reces-
sion was a major shock that pushed many different types of workers to search for a job
and induced more transition than are usually observed (Pissarides, 2013). Besides, the
Great Recession, known as the He-cession or Man-Cession, has particularly impacted male
employment and especially the skilled male labour force. However, Figure 21 in the Ap-
pendix section shows that the share of women is still important in the last deciles of the
reservation wage distribution. In addition, to claim unemployment insurance in France,
individuals must register with "Pôle Emploi" and answer some questions about the char-
acteristics of the type of job they are seeking. Because of this mandatory requirement,
individuals register even if they do not intend to find a job through this structure (as
for jobs where the network is more important), limiting a possible selection bias in the
database. Indeed, table 1 show that more than 20% of the main sample of job seekers
have a university degree.

The main variable of interest in this analysis is the reservation wage. FH-DADS
database contains detailed information on reservation wages at the individual level for each
unemployment spell. Indeed, job seekers are asked: "What minimum gross wage do you
accept to work for?" and are then asked the unit of this amount (hourly, monthly, annually)
as well as the working hours of the job sought (full or part-time). These variables enable
me to construct the hourly gross deflated reservation wage. As shown by Le Barbanchon
et al. (2021), the answer to this question is likely to be a good measure of the reservation
wage as more than 75% of our sample have a ratio of reemployment wage over reservation
wage above one.5 Figure 1 shows the distribution of the reemployment wage divided by
the reservation wage, illustrating that most job-seekers find a job with a wage higher than
the reservation wage declared during their unemployment spell. The excess mass at 1
reflects the fact that an important share of female job seekers find a job at the minimum
wage (as shown in the Figure 10 and 13 in the Appendix, on a sample without a reservation
wage equal to the minimum wage). Furthermore, the reservation wage differs from the
previous wage, as illustrated in the Figure 11 in the Appendix plotting the distribution of
the ratio of the job seeker reservation wage over the wage in her previous job. The excess
mass at 1, again, reflects the fact that an important share of female job seekers anchors
their reservation wage on the minimum wage (see the Figure 12 and 14 in the Appendix).

4The FH-DADS survey provides information on unemployment spells before 2006, but I do not consider them
because of important missing information, as responses about the acceptable commute and reservation wage
were not mandatory then.

5Additionally, as discussed by Le Barbanchon et al. (2021), the job seekers are likely to reveal their true reser-
vation wage as browsing through vacancies is costly and there is monitoring from the French unemployment
governmental agency (Pôle Emploi).
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Figure 1: Reemployment wage over reservation wage

Notes: FH-DADS database, 2006-2012. This figure plots the ratio of the reemployment wage (both FTE gross
monthly) over the reservation wage.

The FH-DADS database also provides information on a variable essential to under-
stand the determinants of the reservation wage: the acceptable commute (as it has been
shown by Le Barbanchon et al. (2021)). The acceptable commute is the response to
the question “What length of daily commute (one way) would you accept?”.6 FH-DADS
gives other information on the characteristics of the job offers: desired occupation, job
characteristics, the timing of the offer and job acceptance. By pairing the different un-
employment and employment spells for each individual, I derive the wage preceding the
unemployment spell as well as the following realized wage and commute. I also observe
the unemployment history which provides information on previous unemployment shocks,

6As the job seekers can declare their acceptable commute in different units (kilometres, hours, or minutes), I use a
unique commute variable using the conversion method of Le Barbanchon et al. (2021), assuming that the average
commuting speed is 35 km/hour. I also use the measure of Le Barbanchon et al. (2021) for the realized commute
(following the unemployment spell): the distance between the centroids of the municipality of the workplace and
the municipality of residence. The high number of municipalities in France (34 000) generate a useful proxy for
the actual location. When workers reside and work in the same municipality, I use the same proxy as them: the
average distance between two random locations within the municipality.
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both number and length. There are also variables on whether a job was rejected or ac-
cepted in addition to the reasons why. Moreover, the database includes demographic
attributes, household composition (number of children and marital status), benefits re-
ceived and human capital variables (academic background, experience in the desired job).
All these variables thus constitute a rich, rare, and adequate set of information to analyze
the supply-side origins of the gender pay gap.

The sample used to investigate the evolution of the reservation wage gap along the
reservation wage distribution comprises more than 633.000 unemployment spells. I restrict
the sample to job seekers aged between 25 and 60, excluding job seekers leaving outside
metropolitan France. To observe information for the job preceding and the job following
the unemployment spell, I also restrict to the last finished unemployment spell for each
job seeker.

Table 1, reporting summary statistics for the main sample of job seekers, shows that
more women are asking for part-time jobs in comparison to their male counterparts. The
mean deflated monthly gross reservation wage of job seekers in our sample is 1,417 euros
for women and 1,608 euros for men. The average re-employment wage is higher than
the mean reservation wage, suggesting that individuals are truly declaring the minimum
wage they are willing to work for. The maximum acceptable commute (one way) is 25
kilometres for women who report in distance and 45 minutes for women who report in
time. For men, it is, respectively, 34 kilometres and 55 minutes.
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Table 1: Descriptive statistics

Men Women

Asking for part-time contract 5.2% 21.8%
Asking for short-term contract 1.94 % 1.79%
Average of monthly reservation wage 1607.9 1416.8
Average of previous monthly wage 2222.5 1980.2
Average of following monthly wage 2004.9 1824.1
Number of previous unemployment spells 3.047 2.316
Married 46.5 % 54.8%
Mean acceptable commute in km 34.10 25.26
Mean acceptable commute minutes 54.58 44.86
No education 19.2% 20.4%
High school degree 17.1% 19.9%
2 years university degree 11.3% 13.5%
Bachelor degree 5.99% 9.03%
Master degree 7.51% 8.30%
Mean age 38.05 38.28
One child 15.9% 23.3%
Two children 14% 22%
3 children or more 9.38% 14.1%
Observations 633 517

Source: FH-DADS database, 2006-2012. The monthly previous wage denotes the wage preceding the unemployment
spell and the next-job monthly wage the one earned at the next job after the unemployment spell. Wages are gross
monthly deflated wages in euros.

3.2 Collected data on job description

During their registration at the French Unemployment Agency (Pôle Emploi) and
while they are indicating their reservation wage, job seekers also have to indicate their
desired job, providing me information about the ROME code of the desired job ((Réper-
toire Opérationnel des Métiers et des Emplois). This information will be used by the
French Unemployment Agency to send targeted job vacancies to the job seekers. During
this registration, job seekers have access to the 532 job descriptions on the official website
of Pôle Emploi.7 I collect information about the job targeted by the job seeker, extract-
ing information from the pdf of these 532 job descriptions. This data collection enables
me to build a rich dataset of variables as the latter is composed of the definition, access
(type of diploma, experience), conditions of the activity, required skills (basic, specific,
expertise, knowledge) and the work environment (structures and sectors), for each of the
532 jobs. An example is provided in the Appendix, with the translated description of the
journalist’s job.
7These job descriptions are available on the official website at this link: https://www.pole-
emploi.fr/candidat/decouvrir-le-marche-du-travail/les-fiches-metiers.html
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To collect information on these job descriptions, I use text analysis methods. First,
I extract text from pdf, before lemmatizing my text. Then, I use text mining tools to
clean my text, removing french stopwords, punctuation, convert cases, etc. I combine the
obtained job characteristics obtained with my sample from FH-DADS and distinguish men
and women in two different samples. Weighting the job description with the frequency
of job requested for each gender, I create a difference of word frequency between men
and women to identify variables important for job sorting. One can observe in Figure 2
that women are targeting more jobs in public structures (institution, organization, local
communities), with social features and jobs at customer home or with home-office.

Figure 2: Wordcloud of gender difference in working-condition (female-male)

Notes: Translated wordcloud of the difference between women and men word frequency,
for the "working-condition" category of job description.

For example, Figure 2 shows the difference between the word frequency in the cate-
gory of "Working-condition" in job descriptions targeted by females compared to the one
targeted by men. The bigger the word, the higher the difference. Based on the literature
and gender difference of word frequency for each category of job descriptions, I build a
new and rich set of variables. First, I gather information about Holland’s occupational
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themes for each job. Also called the RIASEC classification, the seminal work of Hol-
land (1966) enables to classify career and vocational choices based on personality traits.8

Holland (1966)’s model distinguishes human personalities in relation to work environ-
ment divided into six categories (Realistic, Investigative, Artistic, Social, Enterprising
and Conventional). For each job description, we can find a major and minor code of the
RIASEC classification, based on the required skills. Figure 3 reports the frequency of the
desired job based on Holland (1966)’s classification for men and women separately. Fig-
ure 3 shows that there are major gender differences in the choice of the job, based on the
Holland classification. Most women target social or conventional jobs. Social jobs refer to
the helpers with jobs requiring to inform, help, or work in social services. Conventional
jobs refer to the organizers, working in a structured environment, or with routines. In
contrast, most men target realistic jobs, relating to the practical, tangibles and hands-on
jobs for the doers.

Figure 3: Gender frequency & Holland classification

Notes: Frequency of type of job targeted by men and women, based on the Holland
classification.

8The Holland (1966)’s model is the dominant model of vocational preferences in psychology’s literature.
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I also build other preferences variables based on skills required (Management and nego-
tiation) or the environment of the job (outdoor work, self-employment, work at customer’s
home). Besides, I construct variables related to the temporal flexibility: Job requiring
to be on-call, to travel (at the international or national level), to be far from home, to
work at night, during holidays, during weekends, with staggered hours, split hours or
home-office. To finish, I construct variables based on the social content of the job (work
in public sectors, NGOs, local communities, etc.).

4 Results

In this section, I document how the reservation wage gap varies across quantiles. First,
to verify that the search strategy through the reservation wage matters for future earn-
ings, I estimate the reservation wage effect on the next job’s wage. Then, I estimate the
quantile gender gaps in reservation wage in the first place controlling for standards vari-
ables and in a second step, adjusting for the collected characteristics of the desired job.
Following the experimental literature, I explore the possible explanations related to be-
havioural attributes: male overconfidence and female risk aversion. Using unemployment
history, I build many measures to assess a possible female risk aversion due to previous
unemployment shocks. Moreover, I use the job application history to construct differ-
ent measures of overconfidence. Finally, given the gender differences in unemployment
duration, I investigate the role of the reservation wage in employment outcomes.

4.1 Impact of reservation wage on the following wage

As mentioned earlier, the reservation wage is a preference measure as it represents the
opportunity cost of paid work. But this preference has an important role in the following
wage. Le Barbanchon et al. (2021) shows that the mean gender gap in reemployment wage
closely follows the mean gender gap in reservation wage. In table 2, I report the estimates
of the coefficients of the log reservation wage and the log previous wage from quantile
regressions. Table 2 shows that the mean log hourly reservation wage has a significant
role on the wage of the job following the unemployment spell. The results suggest that
gender gaps in reemployment wages are partly driven by labour supply and especially the
reservation wage. I find that a higher reservation wage significantly increases the following
wage. These results, controlling for the previous wage, suggest that the reservation wage
do not only capture unobservable wage characteristics. Moreover, the coefficient of the
log reservation wage, which is higher than the of one the log previous wage, indicates that
the preferences component captured by the reservation wage has a more important role
than the unobservable wage characteristics in future wage.
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Table 2: The effects of reservation wage on the reemployment wage

(1) (2) (3)
VARIABLES Overall Male Female

Log of reservation wage 0.243*** 0.238*** 0.248***
(0.002) (0.002) (0.003)

Log of previous wage 0.190*** 0.122*** 0.230***
(0.001) (0.002) (0.002)

Female -0.026***
(0.001)

Observations 409,983 207,709 202,274
R-squared 0.5064 0.4905 0.510

Source: FH-DADS database, 2006-2012. Note: Regression of the effects of the log hourly reservation wage on the
next-job wage. Other covariates in the regression include experience, commuting, highest educational attainment (5
dummies), the marital status, the number of children, a set of regional dummies for France, a trend variable for the
year, characteristics of the job (type of contract), job occupation (23 dummies)9and nationality (2 dummies). Standard
errors in parentheses. +, ∗, ∗∗ and ∗∗∗ denotes statistical significance at 10, 5, 1 and 0.1 percent levels.

4.2 Gender gap in reservation wage

Figure 4 plots the deciles of the reservation wage gap separately of the unexplained and
explained part. The explained component, which is the difference between the overall gap
and its unexplained part, can be observed in the Figure 4 by the space between the two
lines. This Figure shows how the unexplained reservation wage gap increases along the
wage distribution. These results seem to be driven by the higher share of women asking
for the minimum wage as it can be seen in the Figure 20 in the Appendix.10 The figure
4 highlight the importance of observing at the quantile level the gender reservation wage
gap as the median and the average hide strong patterns at the tail of the distribution.
Also, the low explained part of the gap at the top of the distribution emphasizes the
fact that the gender differences in job-seekers characteristics have a limited impact on the
reservation wage gap.

9The job occupation categories refer to the PCS-2 classification (professions et catégories socioprofessionnelles).
10Moreover, as discussed in Le Barbanchon et al. (2021), an important share of job seekers declare a reservation
wage lower or equal to the minimum wage. However, the job seekers must declare their gross reservation wage
which is likely to be misreported since the job seekers are more likely to declare instead their net reservation
wage which is more apparent. Indeed, in the table ?? we can observe that less than 1% of the job seekers declare
a reservation wage at or below the net minimum wage.
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Figure 4: Unexplained gap with RIF decomposition (Baseline estimation)

Notes: FH-DADS database, 2006-2012. This figure shows the overall gender reservation wage gap and its
unexplained component. Covariates in the RIF decompositions include qualifications, career field, part-time
desired, the log of the first wage, the marital status (single), commuting, number of children, a set of regional
dummies for France, a trend variable, experience in the desired job, education level, potential benefit duration,
number of previous unemployment spells, number of days of unemployment at the registration and nationality (2
dummies).

Indeed, Figure 5 plots the detail of the explained gender reservation wage gap, with
the contribution of some variables. As women are more educated than men, the gender
difference in education helps to narrow the gap. The female desire for part-time increases
the gap but mostly at the middle of the distribution. At the top of the distribution,
the gender difference in experience or in the first wage widens the gap. The remaining
explained gap is mainly due to the gender differences in the desired occupation or career
field. Appendix Table 6 reports the detailed estimation results of occupations and career
field variables in the explained gap.
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Figure 5: Detail of gender reservation wage gap explained part from the RIF decomposi-
tion (Baseline estimation)

Notes: FH-DADS database, 2006-2012. This figure shows the contribution of some variables in the explained
component of the gap. Covariates in the RIF decompositions include qualifications, career field, part-time desired,
the log of the first wage, the marital status (single), commuting, number of children, a set of regional dummies
for France, a trend variable, experience in the desired job, education level, potential benefit duration, number of
previous unemployment spells, number of days of unemployment at the registration and nationality (2 dummies).

Figure 6 plots the deciles of the reservation wage gap and its unexplained component
for different specifications. The unexplained gap adjusting for individuals’ characteristics
only is higher than the overall gap, meaning that the differences in individuals’ charac-
teristics reduce the gap. The second specification, adjusting for traditional variables for
job characteristics preferences (type of contract desired, career field and occupation) in
addition to the individual’s characteristics is the one shown in the Figure 4. The third
specification adjusts for the gender-biased preferences in job characteristics with the data
collected on the job description. It controls for variables based on the skills required
(management and negotiation), related to the environment of the job (outdoor work, self-
employment, work at customer’s home), relating to the temporal flexibility (Job requiring
to be on-call, to travel (at the international or national level), to be far from home, to
work at night, during holidays, during weekends, with staggered hours, split hours or
home-office.) and to the social content of the job (work in public sectors, NGOs, local
communities, etc.). Figure 6 shows that adjusting for these preferences variables enables
to reduce the unexplained component of the reservation wage gap by half at the top of
the distribution.
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Figure 6: Unexplained gap with RIF decomposition

Notes: FH-DADS database, 2006-2012.This figure shows the overall and unexplained gender reservation wage
gap obtained with the RIF decomposition. The specification adjusting for individuals’ characteristics include as
controls the log of the first wage, the marital status (single), commuting, number of children, a set of regional
dummies for France, a trend variable, experience in the desired job, education level, potential benefit duration,
number of previous unemployment spells, number of days of unemployment at the registration and nationality
(2 dummies). The specification adjusting for traditional preferences for job characteristics add further controls
for qualifications, career field and part-time desired. The specification adjusting for gender-biased preferences
for job characteristics add supplementary variables based on the skills required (Management and negotiation),
related to the environment of the job (outdoor work, self-employment, work at customer’s home), relating to the
temporal flexibility (Job requiring to be on-call, to travel (at the international or national level), to be far from
home, to work at night, during holidays, during weekends, with staggered hours, split hours or home-office.) and
to the social content of the job (work in public sectors, NGOs, local communities, etc.).

Adjusting for the gender-biased preferences increases the importance of occupations
and career field in the explained component. Indeed, figure 22 and table 7 in the Appendix,
highlight the fact that the job characteristics are a major part of the explained gap.
This result suggests that gender-biased preferences are correlated with career fields and
occupations.

4.3 Other potential explanations

Figure 6 shows that even adjusting for job characteristics preferences linked to the
content and amenities of the job, a substantial unexplained gender reservation wage gap
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subsists. In this section, I consider other potential explanations that may account for
the remaining unexplained reservation wage gap. In particular, I consider the extent
to which gender differences in psychological attributes such as overconfidence and risk
preferences might generate dissimilar patterns in reservation wage. Then, distinguishing
in two different samples the job seekers without and with children, I observe to which
extent the observed pattern is due to the child penalty.

Male overconfidence
In this paragraph, I examine how male overconfidence affects the reservation wage. Pre-

vious experimental work has documented a higher level of belief in their ability displayed
by men (Buser et al., 2014; Niederle and Vesterlund, 2007). I use the unemployment
history and especially the history of job applications as a measure of an individual’s
overconfidence to analyse if gender differences in overconfidence could explain the gender
reservation wage gap.

All the information about the job search, as the commuting and reservation wage,
enables caseworkers from the French governmental unemployment agency (Pôle Emploi)
to select the vacancies they will suggest to job seekers. Hence, FH-DADS data provide
information about vacancies applications posted on the Pôle Emploi agency website as the
application choices and the hiring outcomes of the job seekers. There is a higher share of
males who have in their unemployment history unsuccessful applications. Overconfidence
is first measured as a binary indicator of previous unsuccessful job applications due to
unsuccessful resumes, insufficient qualification or a wage requested too high.
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Table 3: Descriptive statistics on job seekers unsuccessful application history

Males Females
Offer withdrawn by employer 6.40 5.59
Candidate did not present himself 7.12 4.60
Employer has doubts about applicant’s presentation 2.06 1.42
Refusal by employer for insufficient experience 2.34 2.24
Refusal by employer for insufficient education 0.18 0.16
Refusal by the employer for inconclusive resume review 1.47 1.54
Refusal by the employer for inconclusive test 0.08 0.09
Refusal of applicant for other reasons 3.65 3.13
Refusal for level of skills 0.16 0.10
Refusal by employer for other reasons 75.35 79.99
Refusal by the employer for insufficient qualification 0.59 0.44
Refusal by the employer for inconclusive interview 0.21 0.27
Refusal by the employer because the salary requested was too high 0.07 0.06
Refusal by applicant for working conditions or salary 0.31 0.35
Refusal by employer for negative medical examination 0.01 0.00

Notes: For job applications through the French governmental agency for unemployment (website or local agencies),
the table reports summary statistics on job seekers who have, in their unemployment history, an application that did
not lead to a hiring.

Table 4 shows results from regression of the reservation wage on a male dummy and
the overconfidence indicator (denoting a previous unsuccessful job application due to
unsuccessful resume, insufficient qualification or a wage requested too high). Results
indicate that having had overconfidence in the previous applications negatively impacts
the male reservation wage (column (3)). For women (column (4)), the effect is also
negative, and the interaction term (column (2) and column (6)) indicates that the negative
effect is stronger for men. Therefore, results suggest the reservation wage gap cannot be
imputed to male overconfidence.
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Table 4: Overconfidence effect on reservation wage

(1) (2) (3) (4) (5) (6) (7) (8)
VARIABLES Full sample Full sample Male Female Full sample Full sample Male Female

Male 0.073*** 0.073*** 0.055*** 0.055***
(0.001) (0.001) (0.001) (0.001)

Overconfidence -0.014*** -0.009*** -0.015*** -0.011*** -0.013*** -0.009*** -0.014*** -0.012***
(0.001) (0.002) (0.002) (0.002) (0.001) (0.002) (0.002) (0.002)

Male × Overconfidence -0.008*** -0.007***
(0.003) (0.002)

Observations 567,541 567,541 270,935 296,606 567,541 567,541 270,935 296,606
R-squared 0.5337 0.5337 0.5278 0.521 0.556 0.556 0.547 0.549

Notes: The table reports regression coefficients of the overconfidence measure on the log hourly reservation wage for
each education level. In columns (2), controls include an interaction term of a male dummy and the log reservation
wage. Overconfidence is measured as a dummy variable indicating if, in the job seeker’s unemployment history, a job
application has already been refused because of an unsuccessful resume, insufficient qualification or a too-high wage
requested. Columns (1) until columns (4) are specifications controlled with standards covariates and columns (5) until
columns (8) adjust also for preferences. +, ∗, ∗∗ and ∗∗∗ denotes statistical significance at 10, 5, 1 and 0.1 percent
levels.

Risk preferences
Next, I examine how risk preferences affect the reservation wage. As mentioned earlier,

a large experimental literature has documented a higher level of risk aversion displayed by
women. Again, for the analysis, I use the unemployment history and especially the previ-
ous unemployment shocks as a measure of an individual’s risk aversion. Indeed, the gap
in reservation wage could be due to a stronger female reaction to previous unemployment
shocks resulting in a female risk aversion to unemployment shocks. As women are more
risk-averse, they may lower their reserve wage to minimize the unemployment length.

Table 5: Previous unemployment shocks effect on reservation wage

(1) (2) (3) (4) (5) (6) (7) (8)
VARIABLES Full sample Full sample Male Female Full sample Full sample Male Female

Female -0.0793*** -0.0875*** -0.0539*** -0.0620***
(0.001) (0.001) (0.001) (0.001)

Mean previous
unemployment duration

-5.57e-06*** -1.40e-05*** -7.49e-06*** -4.79e-06*** -2.65e-06*** -1.10e-05*** -4.02e-06*** -1.81e-06***

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Female × Mean previous
unemployment duration

1.34e-05*** 1.35e-05***

(0.000) (0.000)
Observations 519,314 519,314 248,332 270,982 519,314 519,314 248,332 270,982
R-squared 0.4946 0.4950 0.4826 0.4907 0.5454 0.5458 0.5341 0.5425

Notes: The table reports regression coefficients of the mean duration of previous unemployment spells on the log of
the hourly reservation wage. Columns (1) until columns (4) are specifications controlling with standards covariates and
columns (5) until columns (8) adjust also for preferences. +, ∗, ∗∗ and ∗∗∗ denotes statistical significance at 10, 5, 1
and 0.1 percent levels.

Table 5 shows results from regression of the reservation wage on a female dummy
and the mean duration of previous unemployment shocks. Results indicate that a higher
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mean duration of unemployment spells decreases the reservation wage. However, the
coefficient of the number of previous unemployment spells and its interaction with a female
dummy show that this negative effect is lower for women (column (2)). Hence, results
suggest the reservation wage gap is not due to a female aversion to previous unemployment
shocks. I also find similar results with 2 different specifications of unemployments shocks:
The number of previous unemployment spells and the maximum duration of previous
unemployment spells.

Child penalty
As the child penalty is one of the major factors of the gender wage gap (Kleven et al.,

2019), children may have a striking effect on the reservation wage gap. Figure 7 reports
the unexplained gap obtained from the RIF decomposition for subsamples of childless job
seekers (in green) and with children (in orange).
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Figure 7: Unexplained gap adjusting for preferences distinguishing childless job seekers

Notes: FH-DADS database, 2006-2012. This figure shows the unexplained gender reservation wage gap obtained
with the RIF decomposition for the sample without children and with children. The estimation adjusting for job
characteristics includes the gender-biased job characteristics preferences. These variables are based on the skills
required (Management and negotiation) or related to the environment of the job (outdoor work, self-employment,
work at customer’s home), variable relating to the temporal flexibility (Job requiring to be on-call, to travel (at
the international or national level), to be far from home, to work at night, during holidays, during weekends,
with staggered hours, split hours or home-office.) and to the social content of the job (work in public sectors,
NGOs, local communities, etc.), qualifications, career field and part-time desired. Other covariates in the RIF
decomposition, denoted as "Not adjusting for preferences", include the log of the first wage, the marital status
(single), commuting, number of children, a set of regional dummies for France, a trend variable, experience in the
desired job, education level, potential benefit duration, number of previous unemployment spells, number of days
of unemployment at the registration and nationality (2 dummies).

Results for the job seekers in Figure 7 shows on the one hand that adjusting for job
characteristics preferences enables to decrease the unexplained component both for job
seekers with children and the childless ones. Hence, the gender-biased preferences can
not be only imputed to the child penalty, and then preferences for amenities, since these
characteristics are also important for childless job seekers. However, the gender-biased
preferences could still be due to an anticipation of childless women. On the other hand,
Figure 7 highlights the importance of gender-biased preferences for women with children,
at the top of the distribution.
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Internalized discrimination
The remaining unexplained component of the gender reservation wage gap could reflect

the internalized discrimination experienced by women in previous employment spells. In-
deed, if women were discriminated against during previous unemployment spells with
lower wages compared to their male counterparts, they could anchor their reservation
wage to their discriminated previous wage. Figure 8, in comparison with Figure 6, shows
that controlling for the previous wage instead of controlling for the first wage, impacts
marginally the unexplained gap adjusted for individuals’ characteristics, but it does not
impact the unexplained gap adjusted for individuals’ preferences. These results emphasise
both that the remaining unexplained component of the gap is not due to internalized dis-
crimination and that the gender-specific preferences are not capturing unobserved labour
market characteristics of the previous job.

Figure 8: Unexplained gap adjusting for preferences and the previous wage

Notes: FH-DADS database, 2006-2012. This figure shows the overall and unexplained gender reservation wage
gap obtained with the RIF decomposition. The specification adjusting for individuals’ characteristics include as
controls the log of the previous wage, the marital status (single), commuting, number of children, a set of regional
dummies for France, a trend variable, experience in the desired job, education level, potential benefit duration,
number of previous unemployment spells, number of days of unemployment at the registration and nationality
(2 dummies). The specification adjusting for traditional preferences for job characteristics add further controls
for qualifications, career field and part-time desired. The specification adjusting for gender-biased preferences
for job characteristics add supplementary variables based on the skills required (Management and negotiation),
related to the environment of the job (outdoor work, self-employment, work at customer’s home), relating to the
temporal flexibility (Job requiring to be on-call, to travel (at the international or national level), to be far from
home, to work at night, during holidays, during weekends, with staggered hours, split hours or home-office.) and
to the social content of the job (work in public sectors, NGOs, local communities, etc.).
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Cohort effects
The reservation wage gap could also be driven by older cohorts, for which the gender gap

of individuals characteristics and norms were much different, compared to the younger
cohorts. Figure 9 highlights that, even if the unexplained gap is higher for the older
cohort, it is still substantial for the younger cohort.

Figure 9: Unexplained gap adjusting for preferences and the previous wage

Notes: FH-DADS database, 2006-2012. This figure shows the unexplained gender reservation wage gap obtained
with the RIF decomposition for the sample without children and with children. The estimation adjusting for job
characteristics includes the gender-biased job characteristics preferences. These variables are based on the skills
required (Management and negotiation) or related to the environment of the job (outdoor work, self-employment,
work at customer’s home), variable relating to the temporal flexibility (Job requiring to be on-call, to travel (at
the international or national level), to be far from home, to work at night, during holidays, during weekends,
with staggered hours, split hours or home-office.) and to the social content of the job (work in public sectors,
NGOs, local communities, etc.), qualifications, career field and part-time desired. Other covariates in the RIF
decomposition, denoted as "Not adjusting for preferences", include the log of the first wage, the marital status
(single), commuting, number of children, a set of regional dummies for France, a trend variable, experience in the
desired job, education level, potential benefit duration, number of previous unemployment spells, number of days
of unemployment at the registration and nationality (2 dummies).

27



5 Conclusion

This paper documents the gender reservation wage gap along the distribution. Using
RIF decomposition developed by Firpo et al. (2009), I find a significant reservation wage
gap unexplained by the differences in observed characteristics, intensifying at the top of
the distribution. Adjusting for gender-biased preferences related to both the nature of
the desired job and the amenities, the unexplained component of this gap is decreased
by half. These findings question the supply side origins of the observed gender wage
gap and suggest that women are trading-off job characteristics preferences against wages.
Using the unemployment history of the job seekers, I analyse other potential explanations
of this gap linked to the difference in behavioural traits observed in the experimental
literature. I investigate the role of female risk aversion and male overconfidence in this
remaining unexplained reservation wage gap but do not find evidence of a role of these
variables. By highlighting the evolution of the gender reservation wage gap along the
distribution and linking it to gender-biased preferences, I shed light on the supply-side
origins of self-selection into jobs, impacting the gender wage gap.

28



References

Arrazola, María and José de Hevia, “The Gender Wage Gap in Offered, Observed,
and Reservation Wages for Spain,” Feminist Economics, 2016, 22 (4), 101–128.

Barbanchon, Thomas Le, Roland Rathelot, and Alexandra Roulet, “Gender
Differences in Job Search: Trading off Commute against Wage,” The Quarterly Journal
of Economics, 2021, 136 (1), 381–426.

Blau, Francine D. and Lawrence M. Kahn, “The Gender Wage Gap: Extent, Trends,
and Explanations,” Journal of Economic Literature, September 2017, 55 (3), 789–865.

Blinder, Alan S., “Wage Discrimination: Reduced Form and Structural Estimates,”
The Journal of Human Resources, 1973, 8 (4), 436–455.

Brown, Sarah, Gurleen Popli, and Alessandro Sasso, “Decomposing the gender
reservation wage gap in Italy: A regional perspective,” Journal of Regional Science,
2021, n/a (n/a).

, Jennifer Roberts, and Karl Taylor, “The gender reservation wage gap: Evidence
from British Panel data,” Economics Letters, October 2011, 113 (1), 88–91.

Buser, Thomas, Muriel Niederle, and Hessel Oosterbeek, “ Gender, Competitive-
ness, and Career Choices *,” The Quarterly Journal of Economics, 05 2014, 129 (3),
1409–1447.

Cortes, Patricia and Jessica Pan, “Occupation and Gender,” in Susan L. Averett,
Laura M. Argys, and Saul D. Hoffman, eds., The Oxford Handbook of Women and the
Economy, Oxford University Press, July 2018, pp. 424–452.

Cortés, Patricia, Jessica Pan, Laura Pilossoph, and Basit Zafar, “Gender Dif-
ferences in Job Search and the Earnings Gap: Evidence from Business Majors,” Forth-
coming.

Firpo, Sergio, Nicole M. Fortin, and Thomas Lemieux, “Unconditional Quantile
Regressions,” Econometrica, 2009, 77 (3), 953–973.

Fortin, Nicole, Thomas Lemieux, and Sergio Firpo, “Chapter 1 - Decomposition
Methods in Economics,” in Orley Ashenfelter and David Card, eds., Orley Ashenfelter
and David Card, eds., Vol. 4 of Handbook of Labor Economics, Elsevier, 2011, pp. 1–102.
ISSN: 1573-4463.

Goldin, Claudia, “A Grand Gender Convergence: Its Last Chapter,” American Eco-
nomic Review, 2014, 104 (4), 1091–1119.

29



Groshen, Erica L., “The Structure of the Female/Male Wage Differential: Is It Who
You Are, What You Do, or Where You Work?,” The Journal of Human Resources,
1991, 26 (3), 457–472.

Holland, J.L., The Psychology of Vocational Choice: A Theory of Personality Types and
Model Environments Blaisdell book in psychology, Blaisdell Publishing Company, 1966.

Juhn, Chinhui, Kevin Murphy, and Brooks Pierce, “Wage Inequality and the Rise
in Returns to Skill,” Journal of Political Economy, 1993, 101 (3), 410–42.

Jung, SeEun, Chung Choe, and Ronald L. Oaxaca, “Gender wage gaps and risky
vs. secure employment: An experimental analysis,” Labour Economics, 2018, 52 (C),
112–121.

Kleven, Henrik, Camille Landais, Johanna Posch, Andreas Steinhauer, and
Josef Zweimuller, “Child Penalties across Countries: Evidence and Explanations,”
AEA Papers and Proceedings, May 2019, 109, 122–26.

Krueger, Alan B. and Andreas I. Mueller, “A Contribution to the Empirics of
Reservation Wages,” American Economic Journal: Economic Policy, February 2016, 8
(1), 142–79.

Mata, José and José A. F. Machado, “Counterfactual decomposition of changes in
wage distributions using quantile regression,” Journal of Applied Econometrics, 2005.

Niederle, Muriel and Lise Vesterlund, “Do Women Shy Away From Competition?
Do Men Compete Too Much?*,” The Quarterly Journal of Economics, 08 2007, 122
(3), 1067–1101.

Oaxaca, Ronald, “Male-Female Wage Differentials in Urban Labor Markets,” Interna-
tional Economic Review, 1973, 14 (3), 693–709.

Pissarides, Christopher A., “Unemployment in the Great Recession,” Economica,
2013, 80 (319), 385–403.

Risse, Leonora, Lisa Farrell, and Tim R L Fry, “Personality and pay: do gender
gaps in confidence explain gender gaps in wages?,” Oxford Economic Papers, 06 2018,
70 (4), 919–949.

Roussille, Nina, “THE CENTRAL ROLE OF THE ASK GAP IN GENDER PAY
INEQUALITY,” in “in” Forthcoming.

Wasserman, Melanie R., “Hours Constraints, Occupational Choice, and Gender: Ev-
idence from Medical Residents,” Women & Work eJournal, 2019.

30



Wiswall, Matthew and Basit Zafar, “Preference for the Workplace, Investment in
Human Capital, and Gender*,” The Quarterly Journal of Economics, 08 2017, 133 (1),
457–507.

31



Appendix

Figure 10: Reemployment wage over the reservation wage (sample without the minimum
wage)

Notes: FH-DADS database, 2006-2012. This figure plots the ratio of the reemployment wage (both FTE gross
monthly) over the reservation wage on a sample without the job seekers asking for the minimum wage.
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Figure 11: Reservation wage over the previous wage

Notes: FH-DADS database, 2006-2012. This figure plots the distribution of the ratio of the job seeker reservation
wage over the wage in her previous job (both FTE gross monthly).
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Figure 12: Reservation wage over previous wage (sample without the minimum wage)

Notes: FH-DADS database, 2006-2012. This figure plots the distribution of the ratio of the job seeker reservation
wage over the wage in her previous job (both FTE gross monthly) on a sample without the job seekers asking for
the minimum wage.
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Figure 13: Reemployment wage over the reservation wage by gender

Notes: FH-DADS database, 2006-2012. This figure plots the ratio of the reemployment wage (both FTE gross
monthly) over the reservation wage on a sample without the job seekers asking for the minimum wage.
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Figure 14: Reservation wage over previous wage by gender

Notes: FH-DADS database, 2006-2012. This figure plots the distribution of the ratio of the job seeker reservation
wage over the wage in her previous job (both FTE gross monthly) for men and women separately.

Figure 15: Job description: Journalist

Notes: Job description of journalist, created by Pôle Emploi and available at the following link:
https://www.pole-emploi.fr/candidat/decouvrir-le-marche-du-travail/les-fiches-metiers.html.
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Figure 16: Job description: Journalist

Notes: Job description of journalist, created by Pôle Emploi and available at the following link:
https://www.pole-emploi.fr/candidat/decouvrir-le-marche-du-travail/les-fiches-metiers.html.

Figure 17: Job description: Journalist

Notes: Job description of journalist, created by Pôle Emploi and available at the following link:
https://www.pole-emploi.fr/candidat/decouvrir-le-marche-du-travail/les-fiches-metiers.html.
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Figure 18: Job description: Journalist

Notes: Job description of journalist, created by Pôle Emploi and available at the following link:
https://www.pole-emploi.fr/candidat/decouvrir-le-marche-du-travail/les-fiches-metiers.html.

Figure 19: Job description: Journalist

Notes: Job description of journalist, created by Pôle Emploi and available at the following link:
https://www.pole-emploi.fr/candidat/decouvrir-le-marche-du-travail/les-fiches-metiers.html.
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Figure 20: Distribution of reservation wage

Notes: FH-DADS database, 2006-2012. This figure plots the density of the distribution of the monthly reservation
wage.
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Figure 21: Share of men and women in the reservation wage deciles

Notes: FH-DADS database, 2006-2012. This figure plots the share of men and women in each of the reservation
wage deciles.
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Table 6: RIF decomposition of the log-reservation wage gap (Estimation with controls for
traditional preferences variables)

1st decile 2nd decile 3rd decile 4th decile Median 6th decile 7th decile 8th decile 9th decile

Difference 0.0149∗∗∗ 0.0053∗∗∗ 0.0172∗∗∗ 0.0589∗∗∗ 0.1132∗∗∗ 0.1717∗∗∗ 0.1889∗∗∗ 0.1539∗∗∗ 0.1965∗∗∗

(0.0002) (0.0007) (0.0005) (0.0019) (0.0030) (0.0012) (0.0040) (0.0041) (0.0052)
Explained 0.0052∗∗∗ 0.0102∗∗∗ 0.0165∗∗∗ 0.0443∗∗∗ 0.0502∗∗∗ 0.0703∗∗∗ 0.0470∗∗∗ 0.0437∗∗∗ 0.0367∗∗∗

(0.0002) (0.0004) (0.0004) (0.0010) (0.0012) (0.0017) (0.0013) (0.0024) (0.0032)
Unexplained 0.0097∗∗∗ -0.0050∗∗∗ 0.0008 0.0146∗∗∗ 0.0630∗∗∗ 0.1014∗∗∗ 0.1419∗∗∗ 0.1103∗∗∗ 0.1598∗∗∗

(0.0003) (0.0010) (0.0007) (0.0016) (0.0039) (0.0017) (0.0033) (0.0029) (0.0039)

Explained
Part-time desired 0.0008∗∗∗ 0.0023∗∗∗ 0.0041∗∗∗ 0.0110∗∗∗ 0.0124∗∗∗ 0.0160∗∗∗ 0.0099∗∗∗ 0.0082∗∗∗ 0.0059∗∗∗

(0.0001) (0.0002) (0.0002) (0.0004) (0.0004) (0.0006) (0.0006) (0.0008) (0.0010)
Qualification not specified 0.0000∗ 0.0000∗ 0.0000 -0.0000 -0.0000∗ -0.0000∗∗ -0.0000∗∗∗ -0.0000∗∗ -0.0001∗

(0.0000) (0.0000) (0.0000) (0.0000) (0.0000) (0.0000) (0.0000) (0.0000) (0.0000)
Maneuvers -0.0001∗∗ -0.0002∗∗∗ -0.0004∗∗∗ -0.0012∗∗∗ -0.0012∗∗∗ -0.0012∗∗∗ -0.0006∗∗∗ -0.0002∗∗∗ 0.0005∗∗∗

(0.0000) (0.0000) (0.0000) (0.0001) (0.0001) (0.0001) (0.0001) (0.0001) (0.0001)
Specialized workers 0.0001∗ 0.0001∗ -0.0000 -0.0006∗∗∗ -0.0009∗∗∗ -0.0013∗∗∗ -0.0009∗∗∗ -0.0007∗∗∗ -0.0004∗∗

(0.0000) (0.0000) (0.0000) (0.0001) (0.0001) (0.0001) (0.0001) (0.0001) (0.0001)
Skilled workers 1 0.0013∗∗∗ 0.0027∗∗∗ 0.0041∗∗∗ 0.0088∗∗∗ 0.0080∗∗∗ 0.0075∗∗∗ 0.0026∗∗∗ -0.0013∗∗∗ -0.0047∗∗∗

(0.0001) (0.0001) (0.0001) (0.0003) (0.0003) (0.0004) (0.0003) (0.0003) (0.0005)
Skilled workers 2 0.0011∗∗∗ 0.0022∗∗∗ 0.0035∗∗∗ 0.0095∗∗∗ 0.0110∗∗∗ 0.0147∗∗∗ 0.0092∗∗∗ 0.0049∗∗∗ -0.0032∗∗∗

(0.0000) (0.0001) (0.0001) (0.0002) (0.0002) (0.0004) (0.0003) (0.0003) (0.0004)
Unskilled employee -0.0024∗∗∗ -0.0049∗∗∗ -0.0075∗∗∗ -0.0182∗∗∗ -0.0193∗∗∗ -0.0246∗∗∗ -0.0156∗∗∗ -0.0108∗∗∗ -0.0009

(0.0001) (0.0002) (0.0002) (0.0004) (0.0005) (0.0006) (0.0006) (0.0006) (0.0005)
Technicians-drawers 0.0003∗∗∗ 0.0006∗∗∗ 0.0009∗∗∗ 0.0026∗∗∗ 0.0031∗∗∗ 0.0046∗∗∗ 0.0036∗∗∗ 0.0032∗∗∗ 0.0017∗∗∗

(0.0000) (0.0000) (0.0000) (0.0001) (0.0001) (0.0002) (0.0002) (0.0002) (0.0001)
Supervisory officer 0.0002∗∗∗ 0.0004∗∗∗ 0.0006∗∗∗ 0.0018∗∗∗ 0.0023∗∗∗ 0.0040∗∗∗ 0.0036∗∗∗ 0.0042∗∗∗ 0.0038∗∗∗

(0.0000) (0.0000) (0.0000) (0.0001) (0.0001) (0.0002) (0.0002) (0.0003) (0.0003)
White-collar 0.0006∗∗∗ 0.0013∗∗∗ 0.0021∗∗∗ 0.0062∗∗∗ 0.0082∗∗∗ 0.0153∗∗∗ 0.0162∗∗∗ 0.0238∗∗∗ 0.0435∗∗∗

(0.0000) (0.0000) (0.0001) (0.0002) (0.0003) (0.0004) (0.0005) (0.0013) (0.0028)
Agriculture and Fishing -0.0000 -0.0003∗∗∗ -0.0005∗∗∗ -0.0010∗∗∗ -0.0008∗∗∗ -0.0005∗∗∗ 0.0000 0.0005∗∗∗ 0.0012∗∗∗

(0.0000) (0.0000) (0.0000) (0.0001) (0.0001) (0.0001) (0.0001) (0.0001) (0.0002)
Arts -0.0000 -0.0000 -0.0000∗ -0.0001∗∗ -0.0001∗∗ -0.0002∗∗∗ -0.0002∗∗∗ -0.0003∗∗∗ -0.0006∗∗∗

(0.0000) (0.0000) (0.0000) (0.0000) (0.0000) (0.0000) (0.0000) (0.0001) (0.0001)
Banking, Insurance, Real Estate -0.0000∗∗∗ -0.0001∗∗∗ -0.0001∗∗∗ -0.0003∗∗∗ -0.0003∗∗∗ -0.0006∗∗∗ -0.0005∗∗∗ -0.0006∗∗∗ -0.0010∗∗∗

(0.0000) (0.0000) (0.0000) (0.0000) (0.0000) (0.0000) (0.0000) (0.0001) (0.0001)
Business, Sales and Large-scale distribution -0.0003∗∗∗ -0.0005∗∗∗ -0.0008∗∗∗ -0.0031∗∗∗ -0.0042∗∗∗ -0.0070∗∗∗ -0.0062∗∗∗ -0.0067∗∗∗ -0.0082∗∗∗

(0.0001) (0.0001) (0.0001) (0.0002) (0.0002) (0.0003) (0.0003) (0.0004) (0.0006)
Communication, Media and Multimedia -0.0000∗∗∗ -0.0000∗∗∗ -0.0000∗∗∗ -0.0001∗∗∗ -0.0001∗∗∗ -0.0002∗∗∗ -0.0002∗∗∗ -0.0002∗∗∗ -0.0002∗∗∗

(0.0000) (0.0000) (0.0000) (0.0000) (0.0000) (0.0000) (0.0000) (0.0000) (0.0000)
Construction, Building and Public Works 0.0017∗∗∗ 0.0033∗∗∗ 0.0054∗∗∗ 0.0167∗∗∗ 0.0209∗∗∗ 0.0309∗∗∗ 0.0231∗∗∗ 0.0234∗∗∗ 0.0231∗∗∗

(0.0001) (0.0002) (0.0002) (0.0004) (0.0005) (0.0006) (0.0006) (0.0009) (0.0014)
Hotels and Restaurants, Tourism 0.0000∗∗∗ 0.0000∗∗∗ 0.0000∗∗∗ 0.0002∗∗∗ 0.0002∗∗∗ 0.0003∗∗∗ 0.0003∗∗∗ 0.0003∗∗∗ 0.0004∗∗∗

(0.0000) (0.0000) (0.0000) (0.0000) (0.0000) (0.0001) (0.0001) (0.0000) (0.0001)
Industry 0.0004∗∗∗ 0.0008∗∗∗ 0.0013∗∗∗ 0.0039∗∗∗ 0.0048∗∗∗ 0.0071∗∗∗ 0.0060∗∗∗ 0.0073∗∗∗ 0.0090∗∗∗

(0.0000) (0.0001) (0.0001) (0.0002) (0.0002) (0.0003) (0.0002) (0.0004) (0.0006)
Installation and Maintenance 0.0005∗∗∗ 0.0008∗∗∗ 0.0013∗∗∗ 0.0043∗∗∗ 0.0053∗∗∗ 0.0071∗∗∗ 0.0047∗∗∗ 0.0044∗∗∗ 0.0043∗∗∗

(0.0001) (0.0001) (0.0001) (0.0002) (0.0002) (0.0003) (0.0002) (0.0003) (0.0005)
Health 0.0000 -0.0002∗∗ -0.0005∗∗∗ -0.0018∗∗∗ -0.0021∗∗∗ -0.0027∗∗∗ -0.0023∗∗∗ -0.0031∗∗∗ -0.0044∗∗∗

(0.0001) (0.0001) (0.0001) (0.0002) (0.0002) (0.0003) (0.0003) (0.0004) (0.0005)
Entertainment 0.0000 0.0000 0.0000∗ 0.0001∗∗∗ 0.0002∗∗∗ 0.0004∗∗∗ 0.0005∗∗∗ 0.0007∗∗∗ 0.0014∗∗∗

(0.0000) (0.0000) (0.0000) (0.0000) (0.0000) (0.0001) (0.0001) (0.0001) (0.0001)
Business Support -0.0007∗∗∗ -0.0014∗∗∗ -0.0021∗∗∗ -0.0065∗∗∗ -0.0089∗∗∗ -0.0156∗∗∗ -0.0159∗∗∗ -0.0226∗∗∗ -0.0434∗∗∗

(0.0001) (0.0001) (0.0001) (0.0003) (0.0003) (0.0005) (0.0005) (0.0011) (0.0027)
Transportation and Logistics 0.0007∗∗∗ 0.0013∗∗∗ 0.0020∗∗∗ 0.0053∗∗∗ 0.0058∗∗∗ 0.0075∗∗∗ 0.0052∗∗∗ 0.0056∗∗∗ 0.0075∗∗∗

(0.0001) (0.0001) (0.0001) (0.0003) (0.0004) (0.0005) (0.0004) (0.0004) (0.0008)

Obs. (Men) 270935 270935 270935 270935 270935 270935 270935 270935 270935
Obs. (Women) 296606 296606 296606 296606 296606 296606 296606 296606 296606

Notes: This estimation includes the traditional job characteristics preferences: qualifications, career field and part-
time desired. Other covariates in the RIF decompositions include the log of the first wage, the marital status (single),
commuting, number of children, a set of regional dummies for France, a trend variable, experience in the desired job,
education level, potential benefit duration, number of previous unemployment spells, number of days of unemployment
at the registration and nationality (2 dummies).
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Figure 22: Detail of gender reservation wage gap explained part from the RIF decompo-
sition (Estimation adjusted for gender-biased preferences)

Notes: FH-DADS database, 2006-2012. This figure shows the contribution of groups of variables in the explained
component of the gap. Variables based on the skills required (Management and negotiation) or related to the
environment of the job (outdoor work, self-employment, work at customer’s home), relating to the temporal
flexibility (Job requiring to be on-call, to travel (at the international or national level), to be far from home, to
work at night, during holidays, during weekends, with staggered hours, split hours or home-office.) and to the
social content of the job (work in public sectors, NGOs, local communities, etc.) are gathered in the "Gender
biased preferences" variable. Traditional job preferences denote qualifications, career field and part-time desired.
Other covariates in the RIF decompositions, denoted as the individuals’ characteristics include the log of the
first wage, the marital status (single), commuting, number of children, a set of regional dummies for France,
a trend variable, experience in the desired job, education level, potential benefit duration, number of previous
unemployment spells, number of days of unemployment at the registration and nationality (2 dummies).

42



Table 7: RIF decomposition with preferences variables

1st decile 2nd decile 3rd decile 4th decile Median 6th decile 7th decile 8th decile 9th decile

Difference 0.0149*** 0.0053*** 0.0172*** 0.0589*** 0.1132*** 0.1717*** 0.1889*** 0.1539*** 0.1965***
(0.0002) (0.0002) (0.0002) (0.0005) (0.0006) (0.0010) (0.0011) (0.0016) (0.0026)

Explained 0.0068*** 0.0137*** 0.0219*** 0.0600*** 0.0726*** 0.1103*** 0.0840*** 0.0886*** 0.1042***
(0.0003) (0.0004) (0.0005) (0.0012) (0.0014) (0.0020) (0.0018) (0.0022) (0.0035)

Unexplained 0.0080*** -0.0085*** -0.0047*** -0.0011 0.0406*** 0.0614*** 0.1049*** 0.0653*** 0.0922***
(0.0004) (0.0005) (0.0006) (0.0013) (0.0014) (0.0020) (0.0018) (0.0023) (0.0037)

Explained
Gender-biased
preferences

0.0010** 0.0023*** 0.0029*** 0.0068*** 0.0105*** 0.0176*** 0.0128*** 0.0142*** 0.0278***

(0.0004) (0.0005) (0.0005) (0.0013) (0.0014) (0.0021) (0.0019) (0.0023) (0.0038)
Traditional
job characteristics

0.0047*** 0.0094*** 0.0156*** 0.0450*** 0.0545*** 0.0812*** 0.0639*** 0.0677*** 0.0715***

(0.0003) (0.0004) (0.0004) (0.0010) (0.0012) (0.0018) (0.0016) (0.0021) (0.0037)
Individuals’ characteristics 0.0012*** 0.0021*** 0.0035*** 0.0082*** 0.0077*** 0.0116*** 0.0073*** 0.0067*** 0.0049***

(0.0001) (0.0001) (0.0002) (0.0004) (0.0005) (0.0007) (0.0006) (0.0007) (0.0011)

Obs. Men 270935 270935 270935 270935 270935 270935 270935 270935 270935
Obs. Women 296606 296606 296606 296606 296606 296606 296606 296606 296606

Notes: Notes: FH-DADS database, 2006-2012.This table reports the overall and explained gender reservation wage
gap obtained with the RIF decomposition. The specification adjusting for individuals’ characteristics include as con-
trols the log of the first wage, the marital status (single), commuting, number of children, a set of regional dummies for
France, a trend variable, experience in the desired job, education level, potential benefit duration, number of previous
unemployment spells, number of days of unemployment at the registration and nationality (2 dummies). The specifica-
tion adjusting for traditional preferences for job characteristics add further controls for qualifications, career field and
part-time desired. The specification adjusting for gender-biased preferences for job characteristics add supplementary
variables based on the skills required (Management and negotiation), related to the environment of the job (outdoor
work, self-employment, work at customer’s home), relating to the temporal flexibility (Job requiring to be on-call, to
travel (at the international or national level), to be far from home, to work at night, during holidays, during weekends,
with staggered hours, split hours or home-office.) and to the social content of the job (work in public sectors, NGOs,
local communities, etc.).
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